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Abstract

Data Mining is understandable generation of models and patterns from a
Classification,
Weka,
Ripper, UCI
Datasets

database. Classification is

one of the tasks of Datamining. Various Classification

Algorithms derive different models of data classification. Rule Generation is one
derivation model. Number of Algorithms is there to derive Rules. Ripper Algorithm
is commonly used for two Class Problem. Ripper Algorithm suitability for
generating rules is analyzed with Weka 3.6 tool with two UCI Repositary Datasets.

INTRODUCTION

1. Introduction
Classification is one of the Data mining
task. The purpose of Classification is to
classify instances of dataset into different
classes based on some constraints[1]. The
aim of classification task is to derive a model
that distinguishes data classes. The Derived
Model is based on the data analysis of
training dataset. The derived model can be
presented in number of ways like IF-then
rules, decision trees, and neural networks.
There are several classification algorithms
used for classification. In this paper, analyses
the Performance of Ripper Algorithm in
WeKa3.6 using two UCI Machine learning
Repositary datasets.
2. Weka 3.6
Weka is a data mining tool developed by
University of Waikato in New Zealand that
implements data mining algorithms. It is a
collection of algorithms of different tasks of
data mining. The algorithms use dataset for

data preprocessing, classification, clustering,
and association rules. In this paper, the Weka
is used for task of classification [2]. It is a
open source software (free). The algorithms
can be used by the datasets directly or called
from our own java code. Weka originally
written in C and rewritten completely in Java
and is compatible with almost all computing
platforms. It is user friendly software with
GUI platform for easy quick set up or
installation. It allows new user to identify
hidden information from database and file
systems with simple to use options and visual
interfaces [3].
3. RIPPER Algorithm
RIPPER is expanded as Repeated
Incremental Pruning to Produce Error
Reduction. RIPPER Algorithm is commonly
used for two class problem. The Algorithm
was first designed by Cohen in 1995.
RIPPER is especially more efficient on large
noisy datasets[4] .There are two kinds of
loop namely Inner Loop and Outer Loop in
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the algorithm. It is easy to understand,
usually better than Decision trees, as it
generates, directly if-then rules. It is
representable in first order logic.
In two class problem, it chooses
one class as positive and the other class as
negative class. It learns rules for positive
class and make the other class as the negative
class. The positive class is a class with
smaller number of instances in the dataset.
The negative class is a class with larger
number of instances in the dataset [5].
RIPPER Algorithm is sequential covering
Algorithm that generates the rules with the
current set of positive class instances and
grows up with remaining positive class
instances.

instances covered by both R0 and R1
p0: number of positive
by R0
n0: number of negative
by R0
p1: number of positive
by R1
n1: number of negative
by R1

instances covered
instances covered
instances covered
instances covered

Figure 1: Ripper Algorithm
4. Experiments results with Datasets
4.1 Blood Transfusion Service Center Data
Set (BISCD):
The data in the Dataset is taken
from the Blood Transfusion Service Center
in Taiwan. It is an example for classification
Problem. The dataset consists of four
attributes, namely Recency (months since

In this paper, the rule generation using
RIPPER Algorithm is analyzed by two UCI
Machine Learning Dataset Repository
namely Banknote authentication dataset and
Blood Transfusion Service Center Dataset.
WEKA 3.6 Data mining tool for our task.
Ripper Algorithm is called as Jrip Algorithm
in Weka.

Last Donation), Frequency (Total number of
Donation), Monetary (Total Blood donated),
and Time(Months since first Donation). The
dataset consists of 748 instances with two
classes with a binary variable value 1 stand
for donating blood and 0 stands for not
donating blood [6].

RIPPER Algorithm

instances for class having value 1 and 571
instances for class having value 0. In Figure
2, we could find 2 rules generated for
positive class and keeping negative class as
default.

Step1 : Start from an empty rule: {} => class
Step 2 : Add conjuncts that maximizes
FOIL’s information gain measure:


In the dataset with 748 instances, 178

R0: {} => class (initial rule)


R1: {A} => class (rule after
adding conjunct)


Gain(R0, R1) = t [

log

(p1/(p1+n1)) – log (p0/(p0 + n0)) ]


where

t: number of positive
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Figure 2. Implementation of BTSC Dataset

6. Conclusion

in WEKA 3.6 Tool.
4.2 Banknote
(BAD):

Authentication

Dataset

The data in the dataset are extracted from
images for authentication procedure for
banking notes. Wavelet Transformation are
used to extract features from the images.
There are four attributes namely variance,
skewness, curtosis, entropy. The dataset
consists of 1372 instances with two classes
having binary value of 1 and 0 [7].
In 1372 instances, 610 instances are for a
class having value 1 and 762 instances all for
class having value 0. In Figure 3, It is find
that seven rules are generated for positive
class and keeping negative class as default.

Figure 3. Weka 3.6 Implementation of
Banknote Authentication Dataset in WEKA
3.6

Ripper algorithm is easy to
understand and classification rules can be
easily generated only for positive class. The
algorithm is unsuitable for generating rules
for negative class at any situation.
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5. Discussion
Based on the experimental results,
it is observed that the rules are generated for
positive class (smaller Set) for any number of
instances. The range of instances can be
smaller dataset to larger dataset.
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